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rare plants (I)
in your own garden.
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in a folk group.

Produce (R) ◦ ◦ sale (E)
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[R] [I] [I] [A] [A] [S] ...

[R]  -     ...

[I] -     

[I]    -  

[A]   -   

[A]      -

[S]     - 

... ...

Linear dependencies in the design matrix
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R I A S E C
R      

I      

I      

A      

A      

S      
...
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Students of the University of Klagenfurt

F Cultural Technical
G sciences sciences total

female   

male   

  
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Design matrix

y µ R I A S E C G F

R y   -      

I y  -       

I y    -     

A y   -      

A y     -    
...
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anova(G+F,G,F)

Resid. Df Resid. Dev Df Deviance

G+F  .

G  . - -.

F  .  -.
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Whom would you choose as your statistical consultant?
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low weights high weights
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item difficulties from Rasch Model
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item difficulties are continous object covariates

choosing item R wants an certain amount of the
attribute ’Realistic’

[R] [I] [A] [S] [E] [C]

R . . . . . .

I . . . . . .

I . . . . . .

A . . . . . .

A . . . . . .

S . . . . . .
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y µ R I A S E C G F

R y  . -.      

I y  -. .      

I y   . -.     

A y   -. .     

A y    . -.    
...
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ln m(jk)j |l = µ(jk)jl +λO
j −λ

O
k +λOS

jl −λ
OS
kl

λO
j = xj ·R+ xj · I + xj ·A+ xj · S + xj ·E + xj ·C
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anova(G+F,G,F)

Resid. Df Resid. Dev Df Deviance

G+F  .

G  . - -.

F  .  -.
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the method of analysis makes a difference

further refinement is still needed
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